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Abstract

Linear programming is one of the common methods in the field of operations research and is usually used to
maximize profits or reduce costs for a target function that is subject to a set of constraints. Under normal
conditions, which is called under certainty, in this research we will address a new type of linear programming
called rough interval programming that uses n in (uncertainty). The reason for using this type of programming is
that the data under study is inaccurate or Rare or difficult to obtain, so the rough interval programming assumes
that the parameters of the objective function and the constraints are a rough interval (R1), that is, each variable
has an upper interval and a lower interval, as well as each interval that has two limits, an upper bound, and lower
bound, as for the mechanism of action of this type of programming, it is to convert the form (RILPP) to (LP),
using the Separation method and the Tong-Shao-Chang method, thus we have four linear models and in each
method to solve the four sub-models each one Separately, and in the end, four solutions are presented for each
method, or the so-called alternatives, and the decision-maker (DM) can choose the optimal alternative in under
of the conditions of the problem. This model will be illustrated by taking a numerical example.Keywords: linear

programming; rough interval; interval linear programming; rough interval linear programming; separation
method; Tong-Shaochang method.
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Problem 11 lower interval programming (LIP)

Max f; = [2.5,3]x; + [2.5,3]x,
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s.to
4x, + 4x, < 60
4 x+4x, <40
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