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Support Vector Machine for Classifiy the diabetes patients
in Al — Mawani general Hospital

Prof . Dr . Fawzeah Ghaleb =~ Ahmed Abdul Sammed Habib
College of Administration and Economics
Department of statistics
University of Basrah

Abstract

The support vector machine (SVM) where used for classify
diabetes patients of two classes, depending on some of the
factors that affect in determing the two type of the disease, where
a sample was takes by size (216) observations for the patients
with diabetes from Al-mawani general hospital in basrah, by
using the statistical program R language , the results showed that
the method of the support vector machine gives high accuracy in
the classification depending on the correct classifierrate about
96% .
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83 -0.612 -1.25066 0.291935 1.290826 -1.60443
113 -0.69255 0.795875 -0.00045 0.141849 -1.60443
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