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Abatract

The water is polluted as a result of the presence of foreign substances in it, whether organic or
inorganic. These materials corrupt the water quality, which is what happens to the Tigris River. These
wastes pollute the waters of the Tigris River with dangerous chemical pollutants that harm human
health, causing diseases, and among these diseases is the amoeba disease, whose data represented by
numbers of disease cases were taken on the Karkh and Rusafa sides in Baghdad for the year 2018 as a
dependent variable (Y) in a whole series of 12 months And to know the effect of water pollutant

concentrations on the number of amebiasis infections, seven pollutant concentrations were relied upon,

2022 3 o 67(25)5ul 90 By, dladyt Sl de


https://ink.library.smu.edu.sg/soe_research/

(adolal) bl Zalasyl 30l gl e g} (gyall lall Bl po 2 Ziniogl) cgyal) lall ot iy o )

which represent the explanatory variables (Xi), which represent cross-sectional data for ten stations
located on the station of the Tigris River on both Karkh and Rusafa sides. The iongitudinai data, or the
so-called Panel data, is its best designation. We used nonparametric Panel data models, which are the
positioned linear estimator and the weighted local linear estimator, to determine which of the two
estimators is the most efficient that gives the best model. From the probiem of heterogeneity of variance
and that the data of the variables of the concentrations of the seven poliutants suffer from the probiem
of Auto»correlation, and that the appropriate parameter model is the random effect model of the Panel

data according to the (Houseman) test.
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