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Huber 0.00029 | 0.00858 | 0.00745 | 1.20942

n=10
0 Exponential | 0.00031 | 0.0124 |0.00338 | 0.01796
P=0.7 Andrews 0.00027 | 0.00692 | 0.00501 | 0.63996
Huber 0.00016 | 0.00652 | 0.0014 |0.20794

n=50
0 Exponential | 0.00015 | 0.01232 | 0.00197 | 0.01411
P=0.8 Andrews | 0.00015 | 0.00704 | 0.00128 | 0.21511
Huber 0.00028 | 0.0004 |0.0052 |0.03866

n=100
0 Exponential | 0.00017 | 0.01138 | 0.00528 | 0.01485
P=0.9 Andrews 0.00028 | 0.0004 |0.00374 | 0.01968
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P=0.9 Andrews 0.00046 | 0.08093 | 0.01523
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4- Huber, P.J. (1981) "Robust Statistics” New York, John Wiley & Sons.
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Academic press, Inc. New York.

Abstract:

In this researcher we applied an M-Robust method for the linear
and non-linear regression models (for simple and multiple linear
regression models). This applied by using three function (Huber, Double
exponential, Andrews). Finally we proved that the efficiency of M-
Robust method is the best when we have outliers as been shown in the
study cases.
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